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Abstract

The financial industry has long faced challenges in processing vast amounts of market data and information. Currently,
large language models have made significant progress in general text understanding tasks, but there is still considerable
room for improvement in more specialized domains, such as Chinese finance. To address the limitations of current large
language models in handling professional domain-specific text tasks, a two-stage training approach based on finance
knowledge-enhanced continued pre-training and supervised fine-tuning is designed. This approach improves the
organization of training data and the training paradigm, thereby enhancing the model's capabilities in complex financial
scenarios. Finally, experiments have validated the effectiveness of the proposed knowledge-enhanced approach in large

model training.
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Ko HHMTFN IR ESFE SRR, B
TR RIS BRI, .
% L DA A o S A T e KU
F 2 A R 5 HR: (WeshiE) 2 [H]
HIRFR o K S 5% R H & R & I 1A
39 (R P DB B A G e R BRIE . R I T
RETFEMER B A K EH#, AT E
A G AL IR FIRE ST o R0 Uk
RN R T B R 2, T
BRI R ERRE , Hr, g
HEaE . R R iEimb e, QR
RBGE B 6 B8 sk s R EiL. 4R
B FE ARG, AR XU 428 ] A
B

IR 300 JBe T I O 25 SR R 3, i
Sketal bR TRIZ AN EE B A, 0 AR 4
Bl e, 8k m TN RRIZAEUE BN,
RF IS A5 AR (A AL 42 1 AP o

H 3 3 AT AN, R 10 A AR U A5 R
InternLM2.5 7E ) I 09 W0 A% 55 b 19 R BL
FEAEIE . BRSO E — P B
BB U 25 )5, CRGPT—pt 78 4 4k i 35
RO HS R R R 3R LA
2 42 T, T B K TR HRORR 4 A 0 sh 32
e b5 B RAR I . @itk — P e
SN2, CFGPT WIATA fa bk b Bk Ja
R InternLM2.5 ¥H W E 127+, Xk
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3 PRI00 ETHITRRUILESR

i SHE/B LR A e Ho A I A BRIy SELRENEE ¥
ChatGLM3 6 -0.0864 -0.6549 -0.0258 3.3481 0.1257
Baichuan2 7 0.0074 0.1218 0.0077 1.1931 0.1309

Qwenl.5—chat 7 0.0797 0.6392 0.1105 0.7219 0.1343
Qwen2-Instruct 7 0.1167 0.9372 0.2297 0.5412 0.1348
InternLM2 7 0.0069 0.1181 0.0056 1.2249 0.1313
InternLM2.5 7 0.0722 0.591 0.1176 0.6137 0.1329
CFGPT-pt 7 0.0947 0.7124 0.1539 0.6152 0.1409
CFGPT 7 0.1243 0.9517 0.2261 0.5163 0.1242
TARSCAR I B 2R 07 ¥R A U . T4 SHUEMELZTPNER
SRS R, CFGPT fE4: o = s o
MU AL 3 o LA 2%, R s - s
R % 5 Qwen2-Instruct ££7E W
AN FERLIEHC . A B - e ) o
Wtk [, CFGPT tik®| T H& %R T FRNIE=Bot=3.5 - 0T
AR, G R 42 S IR R ERNIE-Bot—4 - 87.3
XU 42 ) T B pE ChatGLM3 6 32.0
Baichuan2 7 28.7
4.3 £EhE&iInYS ;éﬁz{ﬁ Qwenl.5—-chat 7 30.0
T R R £ R TR Quenz-instruct ! 190
Ba LR S S R A S 2 A T T Y RE T Internl.Mz ! 395
A H: T CFBenchmark P72 HY (14 45 5l 22 InternLM2.5 7 35.4
G TR TSI T, PRI SR CFGPT 7 473

n#E4.

A G AL 55 T8 I A T R 5 S
HAREE R, IZAE 55 15 4 A B T ) R
HIE R HEE ML 100, FRBATE
100 ARG KR g I & 8, L0
% H. T GPT. Ernie bot (X0b—7%) %
1 J5 K Y DL & ChatGLM ., Baichuan ,
Qwen FFHATIF I AR . g4 w51,
4RI LE B Rl L 2 4 U 1 B R R
MEEGG, SHMERZNIFAR L EZERTIHE

i35y, XRRWKZBHEERBM T 22
AEOTHERE IR . FR, ER AR
R AR R B R R N S & 5 %
LA, B B TE SRR TS 12 4
REAEZEAM TR, HHEMEMEREL,
CFGPT EA M ZAH, EMEITAEL S
5 G877 T AT R E 5 S ST A U
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5 GFiF

ARSI Je T R g ) o S R A
RURTSE, $RH T S HAR ST 2R 4 il
Wt AR S5 1R SR M P Bolll 25073, &
FARTE T A R A <5 i o L ARUIER PR 1 T B
1o ARSCHEMAG T 7 T b e AR R Y
i G AL T . &S HI gt R H
DAL T7 ¥, DARCTE [] 6 /> 315 5 fih 37 5 A
55 B O R SR A A | AL TR
MERAERE; &5, Wil EaL xR
R TN NS o Y IN= RS R S AR TP 2
UE T ARSI A R o ARSI H I E
HAUE AR ZRyu 08 S Eh AT 4R it
THREE, mAE LRI R, N
Oy Hofth e HAUR A R SR T 2%
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